INFORMATION RETRIEVAL SYSTEM 



BACKGROUND OF THE INVENTION 

The present invention relates to an information re- 

5 trieval system that enables users to easily find information 
they seeks among a large amount of information. 

In recent years, with widespread use of the Internet, 
access to a large amount of information has been made avail- 
able to general users, through various home pages written in 

10 Hypertext Markup Language (HTML) provided on the World Wide 
Web (WWW), for example. In addition, collections of fre- 
quently asked questions (FAQ), which list pairs of frequently 
asked questions and answers thereto, have been made open to 
public. Users can obtain answers associated with their ques- 

15 tions using such a list. These types of information are con- 
venient for users since prompt browsing is possible as long 
as whereabouts of information they seek are known. In re- 
verse, however, it is painful work for users if they have to 
find information they seek among a large amount of informa- 

20 tion. 

A retrieval technique to overcome the above trouble is 
known, in which keywords are extracted from documents as fea- 
ture amounts, and an inner product of the feature amounts is 
calculated to obtain similarity between two documents- Based 
25 on the similarity, a document similar to a question is re- 
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trieved. 

This technique however has the following problems. 
Since information units on the Internet and FAQ collections 
accumulated based on past cases are provided independently by 
a number of individual providers, information inevitably 
overlaps resulting in existence of many documents having 
similar contents. In the conventional technique, therefore, 
a large number of documents having similar contents are re- 
trieved as a document similar to a certain question. As a 
result, users are required to do a work of finding informa- 
tion they want among the large amount of documents as the re- 
trieval results. In reverse, if the amount of retrieval 
results displayed is limited to a fixed number, users may 
fail to find information they want. 

In the conventional technique, also, even if users suc- 
ceed in finding information they want from the retrieval re- 
sults, this matching is not reflected in the relevant FAQ 
collection. Accordingly, the same procedure for finding in- 
formation is repeated when another user attempts retrieval 
using the same condition. In order to expand the FAQ collec- 
tion while avoiding overlap of information, it is required to 
check whether or not like information already exists in the 
collection. This is burdensome to information providers. 



SUMMARY OF THE INVENTION 



An object of the present invention is providing an in- 
formation retrieval system capable of reducing the burden on 
the user in information retrieval. 

Another object of the present invention is providing an 
5 information retrieval system capable of easily updating in- 
formation to be retrieved. 

In order to attain the above objects, according to the 
present invention, feature vectors of documents are calcu- 
lated, and based on the calculated feature vectors, the docu- 
10 ments are classified into clusters, so that document 
retrieval results are displayed together for each cluster, 
This facilitates the user's grasp of the retrieval results as 
blocks of similar documents. 

Moreover, according to the present invention, upon re- 
15 ceipt of a question from the user, a question similar to the 
user question is retrieved. An answer associated with the 
retrieved question is presented to the user or an expert. If 
the user or the expert selects an answer judged most appro- 
priate, a document database is automatically updated based on 
20 the selected answer. If there is no appropriate answer, the 
expert may newly enter an answer, and the document database 
is updated based on the expert answer. In either case, when 
like questions are input on subsequent occasions, an appro- 
priate answer will be presented. 

25 
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BRIEF DESCRIPTION OF THE DRAWINGS 

FIG. 1 is a block diagram of an information retrieval 
system of EMBODIMENT 1 of the present invention. 

FIG. 2 is a view showing examples of documents stored in 
a document storage section in FIG. 1. 

FIG. 3 is a view showing an example of display of re- 
trieval results by a user display section in FIG. 1. 

FIG. 4 is a flowchart of a procedure of processing by a 
feature vector extraction section in FIG. 1. 

FIG. 5 is a view showing examples of extracted document 
feature vectors. 

FIG. 6 is a flowchart of a procedure of processing by a 
clustering section in FIG. 1. 

FIG. 7 is a view showing examples of clustering results. 

FIG. 8 is a flowchart of a procedure of term label 
preparation by a cluster label preparation section in FIG. 1. 

FIG. 9 is a view showing examples of prepared term la- 
bels . 

FIG. 10 is a flowchart of a procedure of sentence label 
preparation by the cluster label preparation section in 
FIG. 1. 

FIG. 11 is a view showing examples of prepared sentence 
labels . 

FIG. 12 is a flowchart of a procedure of document label 
preparation by a document label preparation section in 
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FIG. 1. 

FIG. 13 is a view showing examples of prepared document 
labels . 

FIG. 14 is a block diagram of an information retrieval 
5 system of EMBODIMENT 2 of the present invention. 

FIG. 15 is a view showing a table of questions as a part 
of documents stored in a document storage section in FIG. 14. 

FIG. 16 is a view showing a table of answers as the 
other part of the documents stored in the document storage 
10 section in FIG. 14. 

FIG. 17 is a view showing an example of display of re- 
trieval results by an expert display section in FIG. 14. 

FIG. 18 is a view showing an example of display of re- 
trieval results by a user display section in FIG. 14. 
15 FIG. 19 is a flowchart of a procedure of feature vector 

extraction for a user question by a feature vector extraction 
section in FIG. 14. 

FIG. 20 is a view showing examples of feature vectors 
extracted from the user question. 
20 FIG. 21 is a flowchart of a procedure of processing by a 

similarity operation section in FIG. 14. 

FIG. 22 is a flowchart mainly showing a procedure of 
processing by a database retrieval/updating section in 
FIG. 14. 

25 
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DESCRIPTION OF THE PREFERRED EMBODIMENTS 

Hereinafter, two preferred embodiments of the present 
invention will be described with reference to the accompany- 
ing drawings . 
5 EMBODIMENT 1 

FIG, 1 illustrates a construction of the information re- 
trieval system of EMBODIMENT 1 of the present invention. The 
information retrieval system of FIG, 1 includes a document 
storage section 11 r a cluster storage section 12, a cluster 

10 label storage section 13, a document label storage section 14, 
a feature vector extraction section 15, a clustering sec- 
tion 16, a cluster label preparation section 11, a document 
label preparation section 18, a database retrieval section 19, 
an interface section 20, a user input section 21, and a user 

15 display section 22, This construction is implemented by a 
document server and a user teirminal connected with each other 
via the Internet, for example. The document storage sec- 
tion 11 stores a plurality of documents. The feature vector 
extraction section 15 extracts feature vectors from the docu- 

20 ments stored in the document storage section 11, The clus- 
tering section 16 classifies the documents stored in the 
document storage section 11 into clusters based on the fea- 
ture vectors extracted by the feature vector extraction sec- 
tion 15. The cluster storage section 12 stores the clusters 

25 into which the clustering section 16 has classified the docu- 
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merits. The cluster label preparation section 17 prepares 
cluster labels representing the contents of the respective 
clusters created by the clustering section 16. Each cluster 
label may be a term label composed of a term or may be a sen- 
5 tence label composed of a sentence. The cluster label stor- 
age section 13 stores the cluster labels prepared by the 
cluster label preparation section 17 . The document label 
preparation section 18 prepares document labels representing 
the contents of the documents as elements of the respective 

10 clusters created by the clustering section 16. The document 
label storage section 14 stores the document labels prepared 
by the document label preparation section 18. The user input 
section 21 receives a retrieval condition input by the user. 
Any retrieval condition may be used as long as it can be a 

15 condition for retrieval of a document, such as a keyword of 
the document and a document ID. The interface section 20 
manages input /output with the user. The database retrieval 
section 19 retrieves a document that satisfies the retrieval 
condition, from the document storage section 11. The user 

20 display section 22 displays the retrieval results for the 
user. 

FIG. 2 shows an example of documents stored in the docu- 
ment storage section 11 shown in FIG. 1. The document stor- 
age section 11 stores n (n^2) documents as objects to be 
25 retrieved. Each document is composed of a unique document ID 
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and a text. Hereinafter, the i-th document is denoted by Di 
(l^i^n) . 

FIG. 3 shows an example of display of retrieval results 
by the user display section 22 shown in FIG. 1. In the exam- 
ple shown in FIG. 3, documents as the results of retrieval 
based on a certain retrieval condition are displayed together 
for each cluster. Specifically, the cluster ID and the docu- 
ment IDs and texts of the documents belonging to the cluster 
are displayed in the form of a table every cluster- Other 
clusters can be displayed by pressing "previous cluster" and 
"next cluster" buttons. In this way, all retrieval results 
can be displayed. With this construction, the user can grasp 
the retrieval results as blocks of similar documents. In ad- 
dition, cluster labels representing the contents of the clus- 
ter are displayed for each cluster, and in the respective 
documents displayed, sentences specified as document labels 
are underlined. With this display, the user can easily grasp 
the contents of the cluster. Although the cluster ID and the 
document IDs are displayed as part of the retrieval results 
in the illustrated example, they may be omitted. 

Hereinafter, details of EMBODIMENT 1 will be described 
by separating the operation thereof into document entry op- 
eration and document retrieval operation. The document entry 
operation is an operation relevant to the first entry of a 
document in the document storage section 11 or subsequent ad- 
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dition/change/deletion of the document if any. The document 
retrieval operation is an operation relevant to retrieval and 
browsing of the entry documents. 
<Document entry operation> 
5 FIG. 4 shows a procedure of processing of the feature 

vector extraction section 15 shown in FIG. 1. First;, the 
feature vector extraction section 15 sequentially retrieves 
all the documents Di stored in the document storage sec- 
tion 11 and extracts feature vectors Vi from the documents Di. 
10 The feature vector is a vector having as an element a pair of 
a term Tj representing a feature of each document and a 
weight Wij of the term T j . The number of elements depends on 
the document. Herein, j denotes a unique number identifying 
the term. Referring to FIG. 4, in step SlOl, a document 
15 counter i is set at i=l. In step S102, a document Di is re- 
trieved from the document storage section 11. A term Tj ap- 
pearing in the document Di is extracted from the text by a 
generally known method such as morphemic analysis, syntactic 
analysis, and removal of unnecessary terms, and the fre- 
20 quency Fij of the term Tj appearing in the document Di is 
counted. In step S103, it is determined whether or not the 
processing in step S102 has been completed for all the docu- 
ments. If completed, that is, i=n, the process proceeds to 
step S105. Otherwise, the process proceeds to step S104. In 
25 step S104, the counter i is incremented by one and the proc- 
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ess returns to step S102- In step S105, how small the number 
of documents that contain the term Tj is, that is, the in- 
verse document frequency (IDF) is calculated from expression 
( 1 ) below, as the jLmportance of the term T j to all the docu- 
5 ments . 

IDFj = log^ + l . ... 

where Mj denotes the number of documents that contain the 
10 term Tj. In step S106, the document counter i is set at i=l. 
In step S107, as the weight Wij with which the tenn Tj char- 
acterizes the document Di, a TFIDF value is calculated by 
multiplying a term frequency (TF) representing the rate of 
appearance of the term Tj in the document Di by the IDF value 
15 described above, from expression (2) below. 

Wij ^ iDFj 

ypij ••• (2) 

j:TjeDi 

In step S108, it is determined whether or not the proc- 
20 essing in step S107 has been completed for all the documents. 
If completed, that is, i=n, the process is terminated. Oth- 
erwise, the process proceeds to step S109. In step S109, the 
counter i is incremented by one and the process returns to 
step S107. 

25 FIG. 5 shows examples of document feature vectors Vi ex- 
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tracted in the manner described above. Although the TFIDF 
value was used for the calculation of feature vectors de- 
scribed above, other calculation methods such as that simply 
using the frequency of appearance of a term may be adopted. 

FIG. 6 shows a procedure of processing of the clustering 
section 16 shown in FIG. 1. The clustering section 16 clas- 
sifies all the documents into m clusters (l<m<n) using the 
feature vectors extracted by the feature vector extraction 
section 15, Hereinafter, the k-th cluster is denoted by Ck 
(l^k^m). As the clustering procedure in this embodiment, 
hierarchical clustering is employed in which the documents 
are sequentially classified into clusters in a tree-structure 
manner. Referring to FIG. 6, in step Sill, the inter-cluster 
distance is initially calculated. Herein, as initial clus- 
ters, set are n clusters Ci each including only one docu- 
ment Di as the element. As the distance Lkl between the 
clusters Ck and Cl (l^k,l^n}, adopted is a similarity ratio 
of expression (3) below representing the distances between 
feature vectors of the documents , 



Lkl = -log 



2]MIN(Wkj,Wlj) 
j-.TjgPkUDl 



(3) 




jiTjeDkUDl 



In step SH2, a clustering frequency counter i is set at 



i=l. In step S113,. a set of clusters Ck and CI (k<l) the in- 
ter-cluster distance Lkl of which is the smallest is re- 
trieved among all possible combinations of the clusters. In 
step S114, the clusters Ck and CI are integrated to form a 
5 cluster Cg. That is, Cg=CkUcl/ Cl=^ {(/) represents an empty 
set). Once the clusters are integrated, the inter-cluster 
distance between the integrated cluster Cg and another clus- 
ter Ch (l^h^n) is calculated from expression (4) below us- 
ing the Ward method. 



where Nk denotes the number of elements of the cluster Ck. 
In step 115, it is determined whether or not the number of 

15 times of clustering is n-1. If yes, that is, if all the ini- 
tial clusters have been integrated into one cluster, the 
process proceeds to step S117* Otherwise, the process pro- 
ceeds to step S116. In step S116, the counter i is incre- 
mented by one, and the process returns to step S113. In 

20 step S117, the number of clusters is determined* In the 
clustering process covering steps Sill through S115, the num- 
ber of clusters decreases by one every time clustering is 
perfonned. In step S117, the clustering process is retro- 
spected to determine the appropriate number of times of clus- 

25 tering. Assume herein that the number of times of clustering 
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(Nk + Nh) • Lkh + (Nl + Nh) • Llh - Nh • Lkl 

Ng + Nh 



Lgh = 



...(4) 
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with which the number of clusters having two or more elements 
becomes largest is determined as the appropriate one. In 
step S118, the clusters obtained at the stage of completion 
of the number of times of clustering determined in step S117 
5 are written in the cluster storage section 12 together with 
the elements included therein, 

FIG. 7 shows examples of clusters written in the cluster 
storage section 12. Each entry of cluster includes cluster 
ID and document IDs of documents included in the cluster. 
10 For example, cluster 1 includes four documents, ID Nos. 1, 
190, 432, and 644. This indicates that the feature vectors 
of these four documents are more similar to one another com- 
pared with those of the other documents. In the illustrated 
example, hierarchical clustering was employed as the cluster- 
is ing method. Alternatively, a non-hierarchical clustering 
method may be used. The similarity ratio of expression (3) 
was used as the distance between the initial clusters- Al- 
ternatively, other distances such as the Euclidean square 
distance may be used. The Ward method using expression (4) 
20 was employed as the method for calculating the inter-cluster 
distance during the cluster integration. Alternatively, 
other methods such as the maximum distance method may be em- 
ployed. In the determination of the number of clusters, 
adopted was the number of times of clustering with which the 
25 number of clusters having two or more elements was largest. 
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Alternatively, the number of clusters may be determined so 
that the number of clusters is at a predetermined ratio with 
respect to the number of documents, for example. 

FIG, 8 shows a procedure of term label preparation by 
5 the cluster label preparation section 17 shown in FIG. 1. In 
step S201, a cluster counter k is set at k=l . In step S202, 
for each term Tj contained in the feature vectors Vi of all 
the documents Di as the elements of the cluster Ck, counted 
is the number of documents in which the term Tj appears 

10 (term-appearing documents) among all the documents Di as the 
elements of the cluster Ck. In Step S203, for each term Tj 
contained in all the documents Di as the elements of the 
cluster Ck, calculated is the sum of the TFIDF values (=Wij) 
of the term Tj for all the documents Ti as the elements of 

15 the cluster Ck. In step S204, all the terms Tj contained in 
the feature vectors Vi of all the documents Di as the ele- 
ments of the cluster Ck are sorted in order of decreasing of 
the number of term-appearing documents obtained in step S202. 
If two terms have the same number of term-appearing documents, 

20 the terms Tj are sorted in order of decreasing of the total 
TEIDF value. In step S205, the top-ranked three terms in the 
sorting in step S204 are selected and written in the cluster 
label storage section 13 as term labels of the cluster. In 
step S206, it is determined whether or not the processing 

25 covering steps S202 through S205 has been completed for all 
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the clusters. If completed, that is, k=m, the process is 
terminated. Otherwise, the process proceeds to step S207 . 
In step S207, the counter k is incremented by one, and the 
process returns to step S202 ♦ 
5 FIG. 9 shows examples of term labels written in the 

cluster label storage section 13. For example, FIG. 9 indi- 
cates that cluster 1 has term labels, "sweet stuff", ''snacks", 
and "cheese". In the term label preparation described above, 
the terms were sorted according to the number of term- 

10 appearing documents. Alternatively, other methods such as 
sorting according to only the TEIDF value may be employed. 
The number of term labels selected was three in the illus- 
trated example, but it may be a number other than three. 

FIG. 10 shows a procedure of sentence label preparation 

15 by the cluster label preparation section 17 shown in FIG. 1. 
In step S301, a cluster counter k is set at k=l. In 
step S302, for each term Tj contained in the feature vec- 
tors Vi of all the documents Di as the elements of the clus- 
ter Ck, counted is the number of documents in which the 

20 term Tj appears (term-appearing documents) among all the 
documents Di as the elements of the cluster Ck. In Step S303, 
for each sentence constituting all the documents Di as the 
elements of the cluster Ck, calculated is the sum of the num- 
bers of term-appearing documents counted in step S302 for the 

25 terms Tj contained in the sentence. The sentence as used 
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herein refers to a character string delimitated with full 
stops such as in step 8304^ sentences constituting all 

the documents Di as the elements of the cluster Ck are sorted 
in order of decreasing of the sum of the numbers of term- 
5 appearing documents obtained in step S303. In step S305, the 
top-ranked sentence in the sorting in step S304 is selected 
and written in the cluster label storage section 13 as the 
sentence label of each cluster. If a plurality of top-ranked 
sentences exist, one having the smallest number of characters 

10 is selected • In step S3 06, it is determined whether or not 
the processing covering steps S302 through S305 has been com- 
pleted for all the clusters. If completed, that is, k=m, the 
process is terminated. Otherwise, the process proceeds to 
step S307. In step S307, the counter k is incremented by one, 

15 and the process returns to step S302. 

FIG. 11 shows examples of sentence labels written in the 
cluster label storage section 13. For example, FIG. 11 indi- 
cates that cluster 1 has a sentence label, "Watery food 
(jelly, pudding, yogurt) ..." In the sentence label prepara- 

20 tion described above, the sentences were sorted according to 
the sum of the numbers of term-appearing documents. Alterna- 
tively, other methods such as sorting according to the sum of 
the TEIDF values may be adopted. A sentence having the 
smallest number of characters was selected when a plurality 

25 of top-ranked sentences exist. Alternatively, other methods 
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may be employed. For example, a sentence the head of which 
is located nearest to the beginning of the document may be 
selected. 

FIG. 12 shows a procedure of document label preparation 
5 by the document label preparation section 18 shown in FIG. 1. 
In step S401, a document counter i is set at i=l. In 
step S402, for each sentence constituting the document Di, 
the sum of the TFIDF values (=Wij) of all the terms Tj con- 
tained in the sentence is calculated. In step S403, it is 

10 determined whether or not the processing in step S402 has 
been completed for all the documents. If completed, that is, 
I=n, the process proceeds to step S405. Otherwise, the proc- 
ess proceeds to step S404. In step S404, the counter i is 
incremented by one, and the process returns to step S402. In 

15 step S405, a cluster counter k is set at k=l. In step S406, 
the sentences constituting each of the documents Di as the 
elements of the cluster Ck are sorted in order of decreasing 
of the sum obtained in step S402. In step S407, the top- 
ranked sentence in the sorting in step S406 is selected as 

20 the document label for the document Di. If the selected sen- 
tence is the same as the sBntence label for the cluster pre- 
pared by the cluster label preparation section 17, the 
second-ranked sentence in the sorting in step 5406 is se- 
lected as the document label for the document Di. In 

23 step S408, the document label for the document Di selected in 
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step S407 is written in the document label storage section 14. 
In step S409, it is determined whether or not the processing 
covering steps S406 through S408 has been completed for all 
the clusters. If completed, that is, k=m, the process is 
5 terminated. Otherwise, the process proceeds to step S410. 
In step S410, the counter k is incremented by one, and the 
process returns to step S406. 

FIG. 13 shows examples of document labels written in the 
document label storage section 14. For example, FIG. 13 in- 
10 dicates that document 1 included in cluster 1 has a document 
label, ''eat chewy one that gives the feeling of satisfac- 
tion ..." 

Thus, by following the above procedures, feature vectors 
are extracted from each document during the document entry, 
15 and clusters, cluster labels, and documents labels are pre- 
pared and stored in the respective storage sections. 

<Document retrieval operation> 

First, the interface section 20 receives a retrieval 
condition for a document via the user input section 21. The 

20 database retrieval section 19 retrieves a document satisfying 
the retrieval condition from the document storage section 11, 
retrieves a cluster including the retrieved document from the 
cluster storage section 12, retrieves documents included in 
the retrieved cluster from the document storage section 11 

25 again, and sends the results to the interface section 20 to- 
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gather with the relevant cluster label and document labels. 
The interface section 20 presents the retrieval results to 
the user via the user display section 22 (FIG. 3). 

In this embodiment, given documents were stored in ad- 
5 vance. Alternatively, documents may be newly stored or re- 
vised afterward via a recording medium such as an optical 
disk or a network medium such as the Internet. For document 
retrieval, full-text search or fuzzy search may be adopted, 
in place of the search by keyword and document ID. 

10 

EMBODIMENT 2 

FIG. 14 illustrates a construction of the information 
retrieval system of EMBODIMENT 2 of the present invention. 
The information retrieval system of FIG. 14 is a system that 
15 returns an appropriate answer to a user's natural language 
question by searching the past cases. This system is imple- 
mented by a document server, a user terminal, and an expert 
terminal connected with one another via the Internet, for ex- 
ample. The construction of FIG. 14 includes a feature vector 
20 storage section 31, a similarity operation section 32, an ex- 
pert input section 41, and an expert display section 42, in 
addition to the components of the information retrieval sys- 
tem of FIG. 1. In addition, a database retrieval/updating 
section 33 replaces the database retrieval section 19 in 
25 FIG. 1. The document storage section 11 stores a plurality 
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of question documents and a plurality of answer documents as- 
sociated with each other. The expert display section 42 pre- 
sents retrieval results to an expert. The expert input 
section 41 receives an entry of a choice or a natural lan- 
5 guage answer from the expert. The interface section 20 man- 
ages input /output with the user and with the expert. The 
feature vector extraction section 15 has a function of ex- 
tracting feature vectors from the question documents and the 
answer documents stored in the document storage section 11, a 

10 function of extracting feature vectors from the natural lan- 
guage question input by the user (user question), and a func- 
tion of extracting feature vectors from the natural language 
answer input by the expert (expert answer). The feature vec- 
tor storage section 31 stores the feature vectors extracted 

15 from the question documents and the answer documents in the 
document storage section 11 by the feature vector extraction 
section 15. The similarity operation section 32 has a func- 
tion of determining the similarity between the feature vec- 
tors extracted from the user question and the feature vectors 

20 extracted from the question documents stored in the feature 
vector storage section 31, and a function of determining the 
similarity between the feature vectors extracted from the ex- 
pert answer and the feature vectors extracted from the answer 
documents stored in the feature vector storage section 31. 

25 The database retrieval /updating section 33 has a function of 
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updating the document storage section 11 based on an answer 
of the user or the expert, in addition to a function of re- 
trieving a document in the document storage section 11 • 

FIGS. 15 and 16 show examples of documents stored in the 
5 document storage section 11 shown in FIG. 14. FIG. 15 shows 
a table of questions that collects the question documents as 
one part of the document storage section 11* Each entry of 
this table is constructed of unique question ID, a question 
text, and answer ID associated with the question. FIG. 16 

10 shows a table of answers that collects the answer documents 
as the other part of the document storage section 11 « Each 
of entry of this table is constructed of unique answer ID and 
an answer text. Herein, the i-th question is denoted by Qi 
and the k-th answer is denoted by Ak (l^i^n and l^k^n), 

15 where n and k has the relation of n^m. That is, there is a 
case that one answer is associated with a plurality of ques- 
tions . 

FIG. 17 shows an example of display of the retrieval re- 
sults by the expert display section 42. In FIG. 17, answer 

20 candidates classified into clusters are displayed every clus- 
ter together with the sentence label of the cluster and the 
document labels underlined in the documents, in addition to 
the question from the user. In the example shown in FIG. 17, 
all retrieval results can be displayed by pressing "previous 

25 cluster" and "next cluster" buttons with a mouse to open 
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other pages . Thus , with reference to the retrieval results 
displayed in clusters of similar documents, the expert can 
select the most appropriate answer easily. Alternatively, 
the expert may enter a natural language expert answer. In 
5 the example shown in FIG, 17, a sentence label was displayed 
as the cluster label. A term label may also be displayed in 
addition to, or in place of the sentence label. Although the 
cluster ID and the document ID were displayed as part of the 
retrieval results, these may be omitted. 

10 FIG. 18 shows an example of display of the retrieval re- 

sults by the user display section 22. This exemplifies the 
case that document 1 was selected as the expert answer. 

Hereinafter, details of EMBODIMENT 2 will be described 
by separating the operation thereof into document entry op- 

15 eration and document retrieval operation, as in EMBODIMENT 1. 
<Document entry operation> 

First, the feature vector extraction section 15 extracts 
question feature vectors VQi and answer feature vectors VAk 
from all the documents stored in the document storage sec- 

20 tion 11, and writes the extracted feature vectors in the fea- 
ture vector storage section 31. The procedure of feature 
vector extraction is the same as that in EMBODIMENT 1, except 
that feature vectors are extracted from both the question and 
answer documents and that the extracted feature vectors are 

25 written in the feature vector storage section 31. 
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Next, the clustering section 16 reads the answer feature 
vectors VAk from the feature vector storage section 31, clas- 
sifies all the answer documents into clusters, and writes the 
clusters in the cluster storage section 12. The procedure of 
clustering is the same as that described in EMBODIMENT 1, ex- 
cept that the answer feature vectors VAk are used for the 
clustering. The operations of the cluster label preparation 
section 17 and the document label preparation section 18 are 
the same as those in EMBODIMENT 1. 

By following the above procedures, feature vectors are 
extracted from both question and answer documents during 
document entry, and, for the answer documents, clusters, 
cluster labels, and document labels are prepared and stored 
in the respective storage sections. 

<Document retrieval operation> 

First, the interface section 20 receives a natural lan- 
guage user question Q via the user input section 21. The 
feature vector extraction section 15 extracts feature vec- 
tors VQ from the user question Q. 

FIG. 19 shows a procedure of user question feature vec- 
tor extraction by the feature vector extraction section 15 
shown in FIG. 14. In step S501, a term Tj appearing in the 
user question Q is extracted from the user question Q, and 
the frequency Fij of the term Tj appearing in the question is 
counted. The term extraction is performed as described in 
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EMBODIMENT 1. In Step S502, the IDF value of the term Tj is 
calculated. If the term Tj already exists in any of the 
documents stored in the document storage section 11, the IDF 
value of the term Tj should have been calculated during docu- 
5 ment entry. This calculated IDF value is therefore used in 
step S502. If the term Tj does not exist, the IDF value of 
the term Tj (IDFj) is calculated from expression (5) below. 

IDFj-log(n + l) + l (5) 

In step S503, the weight WQj (TFIDF value) of the 
10 term Tj in the user question Q is calculated* The calcula- 
tion of the TFIDF value is performed as described in EMBODI- 
MENT 1. FIG. 20 shows examples of feature vectors VQ 
extracted from the user question Q. 

Next, the similarity operation section 32 retrieves the 
15 feature vectors VQi of all the questions from the feature 
vector storage section 31, and calculates the similarity be- 
tween the retrieved feature vectors VQi and the feature vec- 
tor VQ of the user question. 

FIG. 21 shows a procedure of similarity calculation by 
20 the similarity operation section 32 shown in FIG. 14. In 
step S511, a document counter i is set at i=l . In step S512, 
the similarity Ei between the feature vector VQi and the fea- 
ture vector VQ of the user question is calculated from ex- 
pression (6) below as an inner product of the vectors. 

25 
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^Wij-WQj 

Ei = VQi-VQ = -^ — (6) 

I VQi I . I VQ I 

In step S513, it is determined whether or not the proc- 
essing in step S512 has been completed for all the question 
5 documents. If completed, that is, i=n, the process proceeds 
to S515. Otherwise, the process proceeds to step S514. In 
step S514, the counter i is incremented by one and the proc- 
ess returns to step S512- In step S515, all the question 
documents are sorted in order of decreasing of the similar- 

10 ity Ei obtained in step S512. 

Next, the database retrieval/updating section 33 re- 
trieves a given number of top-ranked question documents hav- 
ing higher similarity Ei and the answer documents associated 
with these question documents, from the document storage sec- 

15 tion 11. The database retrieval/updating section 33 also re- 
trieves a cluster or clusters that include the retrieved 
answer documents from the cluster storage section 12, and re- 
trieves answer documents included in the retrieved cluster (s) 
from the document storage section 11 again. The database re- 

20 trieval/updating section 33 then sends the results to the in- 
terface section 20 together with the relevant cluster 
label(sj and document labels. In the above description, the 
inner product of feature vectors was used for calculation of 
the similarity of the feature vectors. Alternatively, other 

25 methods such as that using the similarity ratio of vectors 



may be employed. 

The interface section 20 presents the answer part of the 
retrieval results to the expert via the expert display sec- 
tion 42 (FIG. 17). The interface section 20 also receives an 
5 entry of a choice or a natural language answer by the expert 
made with reference to the display via the expert display 
section 42. Moreover, the interface section 20 presents the 
expert answer to the user via the user display section 22 
(FIG. 18). This enables only useful information to be pre- 

10 sented to the user. 

FIG. 22 is a flowchart of a procedure of processing by 
the database retrieval/updating section 33 shown in FIG. 14. 
In step S601, the retrieval results of past answer cases are 
displayed. Specifically, the interface section 20, which has 

15 received a natural language user question Q, presents re- 
trieval results of answers to the user question to the export 
via the expert display section 42 (FIG. 17). In step S602, 
the expert examines the retrieval results. Specifically, the 
expert determines whether or not there is an answer consid- 

20 ered appropriate for the user question Q in the retrieval re- 
sults displayed shown in FIG. 17. If there is an answer 
considered appropriate, the process proceeds to step S603. 
Otherwise, the process proceeds to step S606. In step S603, 
the expert selects the document ID of the answer considered 

25 most appropriate for the user question Q. The interface sec- 
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tion 20 receives the input of the selected document ID via 
the expert input section 41. The interface section 20 hands 
over the received document ID to the database re- 
trieval/updating section 33 for processing in step S605 to be 
5 described later. In step S604, the interface section 20 pre- 
sents to the user the document identified by the document ID 
selected by the expert as the answer (FIG. 18). 

In step S605, question addition processing is performed. 
The database retrieval /updating section 33 ^ which receives 

10 the document ID from the interface section 20, examines one 
or more questions associated with the answer having the re- 
ceived document ID and determines the question having the 
highest similarity to the user question Q among the one or 
more questions. If the similarity of the question having the 

15 highest similarity is equal to or less than a predetermined 
value, the database retrieval /updating section 33 determines 
that no appropriate automatic answer was available, and adds 
a new entry composed of a new unique question ID, the user 
question Q, and the selected document ID to the table of 

20 questions shown in FIG. 15. The process then proceeds to 
step S612, where the feature vector extraction section 15 ex- 
tracts feature vectors VQi and VAk from all the questions Qi 
and answers Ak stored in the document storage section 11, and 
writes the extracted feature vectors in the feature vector 

25 storage section 31, as is done during the document entry. 
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If no appropriate answer is found in step S602, the ex- 
pert inputs an appropriate natural language answer A for the 
user question Q in step S606. The interface section 20 re- 
ceives the natural language answer A via the expert input 
5 section 41. In step S607, the interface section 20 presents 
the answer A input by the expert to the user. In step S608, 
the feature vector extraction section 15 extracts feature 
vectors VA from the answer A input by the expert. The proce- 
dure of this extraction is substantially the same as the pro- 

10 cedure of extraction of feature vectors VQ from the user 
question Q described with reference to FIG. 19. In step S609, 
the similarity operation section 32 retrieves the feature 
vectors VAk of all the answers from the feature vector stor- 
ing section 31, and calculates the similarity Ek of the re- 

15 trieved feature vectors VAk to the feature vector VA of the 
answer A input by the expert. The procedure of calculation 
of the similarity is substantially the same as that adopted 
for the similarity to the user question Q described with ref- 
erence to FIG. 21. In step S610, if the highest one of the 

20 similarity values Ek obtained in step S609 is equal to or 
more than a predetermined value, the similarity operation 
section 32 determines that there is the answer similar to the 
answer A input by the expert in the document storage sec- 
tion 11, and hands over the document ID of the similar an- 

25 swer Ak to the database retrieval /updating section 33. The 
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process then proceeds to step S605. Otherwise, the process 
proceeds to the step S611. In step S611, question/answer ad- 
dition processing is performed • Specifically , the database 
retrieval/updating section 33 adds an entry composed of a new 
5 unique question ID and the answer input by the expert to the 
table of answers shown in FIG, 16. Likewise, the database 
retrieval /updating section 33 adds an entry composed of a new 
unique question ID, the user question Q, and the document ID 
identifying the added answer. The process then proceeds to 

10 step S612, where the processing described above is performed. 

In the case of no expert being available for selecting 
or inputting an answer, the interface section 20 presents the 
retrieval results as shown in FIG. 17 to the user via the 
user display section 22. The user examines the display shown 

15 in FIG. 17 and selects the document ID of an answer that is 
considered most appropriate to the user question Q. The in- 
terface section 20 receives the input of the selected docu- 
ment ID via the user input section 21. The database 
retrieval /updating section 33, which receives the selected 

20 document ID from the interface section 20, examines one or 
more questions associated with the answer having the received 
document ID and determines the question having the highest 
similarity to the user question Q among the one or more ques- 
tions. If the similarity of the question having the highest 

25 similarity is equal to or less than a predetermined value. 
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the database retrieval /updating section 33 determines that no 
appropriate automatic answer was available, and adds a new 
entry composed of a new unique question ID, the user ques- 
tion Q, and the selected document ID to the table of ques- 
5 tions shown in FIG. 15. (same as the processing in step S605). 
The feature vector extraction section 15 extracts the feature 
vectors VQi and VAk from all the questions Qi and answers Ak 
stored in the document storage section 11, and writes the ex- 
tracted feature vectors in the feature vector storage sec- 

10 tion 31, as is done during the document entry (same as the 
processing in step S612). 

Thus, in EMBODIMENT 2, the document storage sec- 
tion 11 is automatically updated based on the answer of the 
user or the expert* As a result, the information retrieval 

15 system of this embodiment can present an appropriate answer 
when like questions are input on subsequent occasions. 

While the present invention has been described in a pre- 
ferred embodiment, it will be apparent to those skilled in 
the art that the disclosed invention may be modified in nu- 

20 merous ways and may assume many embodiments other than that 
specifically set out and described above. Accordingly, it is 
intended by the appended claims to cover all modifications of 
the invention that fall within the true spirit and scope of 
the invention. 

25 
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